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Abstract

On the international stage, poverty is increasingly understood multi-dimensionally as a deprivation of wellbeing in
several dimensions rather than solely as a lack of income or low consumption. In the U.S., recent research shows that
many people who are not counted as poor under the official or supplemental measures of income poverty experience
multidimensional poverty. Yet there is no monitoring of multidimensional poverty. This paper examines trends in
multidimensional poverty in the U.S. since 2013 using a measure that includes deprivations in family income, self-
reported health status, educational attainment, employment status, and health insurance coverage. Using Current
Population Survey data for years 2013 to 2017, the percentage of the total population experiencing multidimensional
poverty decreased significantly each year, from 13.8% in 2013 to 10.0% in 2017. However, between 2016 and 2017,
the extent of the decline in multidimensional poverty was smaller than in earlier years and became less widely shared
across population groups. Increased deprivations in health insurance explain this more limited decline in
multidimensional poverty in 2017.
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1. Introduction

Poverty monitoring in the U.S. using the official poverty measure and the supplemental
poverty measure has noted recent year-to-year decreases in poverty from 2013 to 2017 (Semega
et al. 2018). Similar reductions have been found when measuring poverty based on consumption,
or what people are able to purchase (Meyer and Sullivan 2018). However, these tools only
capture poverty as material deprivation. Broader conceptualizations of poverty, those that go
beyond material deprivation to consider deprivations on multiple fronts, can provide a useful
counterpart to standard monitoring activities.

On the international stage, poverty is increasingly understood broadly as a deprivation of
wellbeing rather than purely as a lack of income or other financial resources (Beja 2013;
Madonia, Cracolici, and Cuffaro 2013; Narayan et al. 2000; OECD 2011; Stiglitz, Sen and
Fitoussi 2009). Measures of this broader view of poverty typically capture people who
simultaneously experience multiple deprivations in different dimensions (e.g. income, health).
The analysis of multidimensional poverty and income poverty sometimes lead to different trends
or groups being identified as disadvantaged (Alkire and Foster 2011; Alkire and Santos 2014;
Alkire and Seth 2014; Alrkie et al. 2014; Bourguignon and Chakravarty, 2003; Brucker ef al.,
2015; Duclos, Sahn and Younger 2006; Neubourg, Chai, Milliano, Plavgo, and Wei 2011; Tsui
2002; UNDP 2010). In the U.S., researchers have very recently begun to explore the use of such
multidimensional approaches (Dhongde & Havernman 2017; Glassman 2017, 2019; Mitra &
Brucker 2016; Waglé 2008, 2014). Given recent declines in income and consumption poverty
in the U.S. (Fontenot, Semega, & Kollar 2018; Meyer and Sullivan 2018), it is important to
assess if similar changes are found while using a multidimensional poverty measure. We
specifically address the following questions: Have there been significant changes in
multidimensional poverty in the U.S. over the 2013-2017 period? If yes, how have changes in
deprivations for different dimensions contributed to such changes in overall multidimensional
poverty? Have the changes been experienced by all demographic groups?

The next section reviews the background to this research, followed by sections on the
methodology, results, discussion, and conclusions.

2. Background

In the U.S., poverty is generally measured in one of two ways. The most commonly used
measure is the official poverty measure (OPM). The OPM relies on a family’s pre-tax total
income and is based on a set of income thresholds, which do not include either capital gains or
in-kind benefits. Thresholds vary by family size and composition (Short 2013). In 2017, 12.3
percent of the U.S. population, or 39.7 million people, were in poverty, according to the OPM
(Dalaker 2018; Fox 2018). The official poverty rate decreased only 0.4 percentage point from
2016, a statistically insignificant change (Fontenot, Semega, & Kollar 2018).

In the past two decades, there have been efforts in the U.S. to develop an improved
poverty measurement (Citro and Michael, 1995). The Supplemental Poverty Measure (SPM), a
new poverty measure developed by the U.S. government, is the second measure that is now
routinely used to monitor poverty in the U.S. (Chung, Isaacs, and Smeeding 2013; Hutto,
Waldfogel, Kaushal, and Garfinkel 2011; Short 2013). The SPM threshold is adjusted to the
needs of different family types and to geographic differences in housing costs using an



equivalence scale. In 2017, 13.9 percent of the population were poor, according to the SPM (Fox
2018). The SPM has recently been used to revisit poverty trends (Fox, Garfinkel, Kaushal,
Waldfogel and Wimer 2014) or the situation of specific groups (Brucker et al. 2015) and
geographies (e.g. Bohn et al. 2013 for California, Smeeding et al. 2014 for Wisconsin).

A consumption measure of poverty has been developed as another alternative to the
official poverty measure, focusing on measuring what families purchase in terms of food,
housing, transportation and other goods and services (Meyer & Sullivan 2018). Using an anchor
year of 1980 in which 13 percent of the U.S. population experienced consumption poverty,
Meyer and Sullivan estimate that the rate of consumption poverty dropped to 2.8% of the U.S.
population in 2017. When 2015 is used as the anchor year, consumption poverty rates decreased
from 14.7% in 2013 to 13.0% in 2017.

Mitra and Brucker (2016) developed a measure of multidimensional poverty for the U.S.
which considered having family income below the official poverty line, having fair or poor
health, having less than a high school education, being unemployed, and lacking health insurance
as domains of interest. They found a limited overlap between people experiencing
multidimensional and income poverty. Using in turn the Current Population Survey (CPS) and
the American Community Survey (ACS), for 2012, they estimated that 15% of Americans
experienced at least two deprivations. Nearly six percent of the population experienced multiple
deprivations but were not considered income poor according to the official poverty measure
(Mitra and Brucker 2016).

Glassman (2017) used data from the ACS to estimate annual rates of multidimensional
poverty from 2008 to 2016, where deprivations were measured for adults as lacking a high
school degree or GED, living below the official poverty line, limited consumption (lacking at
least one of the following: toilet, sink, running water, refrigerator, stove, bathtub/shower or
health insurance), poor neighborhood quality (living in an area with 20 percent or greater
poverty), disability, economic insecurity, and poor housing quality. An updated analysis
published by Glassman (2019) found a 1.1 percentage point decrease in multidimensional
deprivation from 2016 to 2017, from 16.4 to 15.3 percent.

Dhongde and Havernman (2017) used a multidimensional poverty measure to examine
trends in the U.S during the five-year period following the Great Recession (2008-2013). Using
ACS data, their measure included the following deprivations: having two or more disabilities,
lack of a high school education, housing costs greater than 50% of household income, lack of
health insurance, lack of English fluency, and more than one occupant per room. Dhongde and
Haveman (2017) found a significant reduction in multidimensional poverty during the 2010-
2013 economic recovery period and argue that their multidimensional poverty measure may
better capture the consequences of the economic recovery than the OPM or the SPM. This paper
extends such work on trends in multidimensional poverty by analyzing recent changes in
multidimensional poverty since 2013 using the same data as what the U.S. Census Bureau uses
to monitor poverty, i.e. CPS. It thus offers a potential additional poverty monitoring tool for the
U.S.

3. Methodology

3.1. Measures
This paper uses the Alkire and Foster (2011) methodology. Put simply, this method
counts deprivations for a set of dimensions that affect a person at the same time and compares



the deprivation count to a threshold. Dimensions are weighted: w; is the weight of dimension ;.
Each individual i has a weighted count of dimensions where that person is deprived (¢;) across all

d
measured dimensions: 0 < ¢; < d where d is the number of dimensions; where c, = ijcl.j with
J=1
c, a binary variable equal to one if individual i is deprived in dimension j, and zero otherwise.

Dimensions can rely on ordinal and/or cardinal data. Let g; be a binary variable equal to one if
the person is identified as disadvantaged and equal to zero otherwise. A person is identified as
having multiple deprivations or being multiply deprived if the person’s count of deprivations is
greater than some specified cutoff (k):

if ¢; > k, then gi=1

if ci <k, theng;=0

The headcount ratio for a given population is then the number of disadvantaged persons
(¢g=2¢i) divided by the total population (n):

H=gqg/m (1)

To capture the breadth of deprivation experienced by the multi-dimensionally poor, in
other words, the experience of deprivation in several dimensions, the average number of
deprivations that a multi-dimensionally poor person faces is computed. The total number of
deprivations experienced by multi-dimensionally poor people c(k) is calculated as follows: c(k)=
2(gici) for i = 1...n. The average deprivation share is the total number of deprivations of the
disadvantaged (c(k)) divided by the maximum number of deprivations that the poor could face
(qd):

A = c(k)/qd) )

The adjusted headcount ratio M, unites information on the prevalence of disadvantage
and the breadth of disadvantage, combining the headcount ratio and average deprivation share:
My =HA = c(k)/nd) (3)

It fulfills desirable axioms, is decomposable and can include discrete, cardinal and
continuous data (Alkire and Foster 2011). M, can be decomposed by dimension to show which
dimensions contribute most to individuals’ disadvantage. Likewise, over time, changes in M, can
be disaggregated into (i) changes in H and 4, and (ii) changes of indicator contributions (Alkire
and Foster 2011; Alkire et al. 2015; Alkire et al. 2017). This paper carries out the decomposition
by indicator contributions using the formula M, = }.; H;/d where H;is the share of the
population that is both poor and deprived in dimension j.

Since multidimensional poverty measures require assumptions for the selection of
dimensions, weights and thresholds, these assumptions are described in detail below. Results will
be assessed with respect to some of these choices using sensitivity analyses. We use a cross-
dimension threshold A=2 but also recalculate estimates for A=3 (Appendix 2). In another
sensitivity analysis (Appendix 3), we relax two of the within dimension thresholds: for income,
we use 200% of the OPM line instead of 100% and for employment, we consider deprivation to
be unemployed, discouraged worker, conditionally interested worker, or employed part-time due
to economic reasons instead of simply unemployed.



3.2 Data

We chose the March 2014 to March 2018' Annual Social and Economic Supplements
(ASEC) of the Current Population Survey (CPS), reflecting the calendar years 2013 to 2017°.
The CPS is a nationally representative household survey that collects individual and household
level sociodemographic and economic data. We used replicate weights to weigh the data, per
U.S. Census Bureau guidance. Doing so increases standard errors and thus provides a more
conservative approach to estimating statistically significant differences. There are limitations
with using this data for poverty measurement, as data collection excludes vulnerable populations
who might be at higher risk of experiencing poverty, including persons who are living in
institutions such as prisons or those who are homeless. Nonetheless, the CPS-ASEC is the source
of official national estimates of poverty using both the OPM and SPM. We use it below for a
measure of multidimensional poverty that can be compared and monitored alongside the OPM
and the SPM.

3.3 Selecting Dimensions

The selection of dimensions for multidimensional measures of well-being or
poverty/deprivations at an applied level can be difficult (Alkire 2007). In this paper, we draw
from a list of dimensions of wellbeing developed by Stiglitz, Sen and Fitoussi (2009). This list
was derived through an extended international consultative process towards developing and
recommending indicators to measure economic and social progress. Stiglitz et al. (2009)
recommended the following eight dimensions as constitutive parts of wellbeing: material
wellbeing (income, consumption and wealth), health, education, personal activities (work,
political voice and governance), social connections and relationships, environment (present and
future) and insecurity of an economic and physical nature.

3.4 Indicators, Thresholds and Weights
The unit of analysis is the individual. We build a multidimensional measure with the
following set of five dimensions out of those recommended by Stiglitz ef al. (2009) and that are
included in the CPS: material wellbeing (income), health, education, work, and insecurity (health
insurance). Table I describes the indicators, thresholds and weights used in the measure for each
dimension.

" The CPS ASEC data collects income data for the prior calendar year.

2 We start from 2013 (March 2014 ASEC) as the measurement of income was then redesigned in
the CPS. Covering earlier years would affect comparability of income across years. The other
indicators of interest did not change from 2013 to 2017.



Table I: Dimensions, Indicators, Thresholds and Weights

Dimension Indicator(s) Threshold: Deprived if... Weight

Material wellbeing

Family income Individual is in a family where income in past year is below official poverty line
Health
Self-assessed health Individual reports poor or fair health
Education
Educational attainment Individual has less than high school educational attainment'
Personal activities
Employment status Individual is unemployed in the past week'”
Insecurity
Health insurance Individual does not have health insurance coverage for the entire calendar year’

! For children (birth to age 17), this dimension is with respect to the family head.
? For older people (age 65 and over), this dimension is not included.

? Health insurance coverage includes private health insurance (through an employer or union, coverage purchased directly by an individual from an insurance
company), government health insurance (Medicaid, Medicare) or military health care.



The selection of indicators is challenging: unlike the European Union, the U.S. does not have
a set of social indicators that are regularly compared or cross tabulated (Blank 2008; Couch and
Pirog 2010). Of course, different U.S. government agencies produce different indicators and
some of them are used below. We also, where possible, use thresholds similar to those
commonly reported by federal agencies. For example, Barnett and Berchick (2017) and Berchick
et al. (2018), when reporting on health insurance coverage, consider receipt of any health
insurance coverage as a key threshold of interest in their report for the U.S. Census Bureau.

Material Wellbeing: A person is considered deprived if he/she is part of a family whose
income is below the threshold specified under the OPM. The OPM provides different
thresholds for different family sizes.

Health: Acknowledging that health is a complex and multifaceted construct that is difficult to
measure, we use the available health status measure and consider an individual as deprived if
he/she reports being in poor or fair health.

Education: A person is considered deprived if he/she has less than a high school diploma.
For children (birth to age 17), the education dimension refers to the education status of the
family head of the child’.

Personal activities: A person is considered deprived if he/she was unemployed in the past
week. This measure is adjusted for children and older people. For children (birth to age 17),
the work dimension refers to the work status of the family head of the child. For older people
(age 65 and over), the work dimension is not included in the multidimensional measure.
Insecurity: We use health insurance status as an indicator for economic security. A person is
considered deprived if he/she is uninsured.

Some of the within-thresholds described above may not be appropriate for selected subgroups
of the population. For persons age 65 and older, having less than a high school diploma may not
equate to a deprivation on a similar level to that faced by working age persons who also lack a
high school diploma yet are expected to compete for jobs in the labor market. Likewise, having
fair health may not be a deprivation for older people. This paper covers the entire U.S.
population and more fine-tuned multidimensional measures may be developed in future work for
selected subgroups such as older people.

Weights are needed to aggregate across dimensions. There are different possible methods
for setting up weights, for instance, asking people’s opinions or using the observed distribution
of deprivations (Decancq and Lugo 2013). In this paper, dimensions are considered as equally
important and are given equal weights.

We also estimated two additional measures of multidimensional poverty. First, we
increased the number of dimensions (k) in which someone would need to be deprived (from two
to three) to be counted as multidimensionally poor. Next, we estimated a measure two thresholds
were relaxed (income and employment).

3.5 Trend Analysis
In addition to estimating the headcount and adjusted headcount ratios commonly used in
multidimensional empirical research, we test for significant differences in year to year rates of
poverty using a Wald test.

> The family head is the person in whose name the house is owned or rented. If a married couple,
either the husband or wife can be named the family head.



4. Results

We started by checking if the indicators selected above overlapped, i.e. captured similar
information on deprivations, for the entire sample and by population subgroup. We conducted
the redundancy analysis as per Alkire et al. (2015) and found limited overlap (results not shown
here). We also calculated the Tetrachoric correlations of the indicators for each year. For
instance, Appendix 1 shows correlations between deprivations for 2017 that range from a low of
-0.011 between employment status and health to a high of .176 between educational attainment
and family income. Correlation coefficients are thus low to medium for the indicators under use.
Overall, the redundancy analysis and correlation coefficients suggest that none of the indicators
provides redundant information.

Figure 1 and Table II depict trends for the total population for M, and H respectively.

Figure 1. Multidimensional adjusted headcount (M0) and confidence intervals
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Figure 1 shows that M, declined from 2013 to 2017 from 0.065 to 0.046. Results in Table II
indicate that the percentage of Americans experiencing multidimensional poverty (H) was 13.8%
in 2013 and declined to 10.0% in 2017. Statistically significant reductions in multidimensional
poverty for all Americans were found from year to year using the Wald test (Table II), although
the extent of the reduction in poverty was smaller from 2016 to 2017 (from 10.3% to 10.0%).



Table II: Multidimensional poverty headcount (%) by selected characteristics over time (2013-2017)

2013 2014 2015 2016 2017 2013-2017 Change

Absolute (p.p)  Relative (%)

All 13.80 1245 = 11.13 * 10.32 10.00 -3.80 -27.52%
White 12.62 1143 * 10.13 * 9.52 9.09 -3.54 -28.01%
White, not Hispanic 8.61 7.74 % 0.86 * 0.53 06.31 -2.30 -26.68%
Black 21.07 18.82 * 17.39 * 15.66 15.35 -5.71 -27.12%
Asian 10.57 871 * 7.49 * 0.67 7.16 -3.41 -32.28%
Hispanic - any race 28.43 2586 * 2249 * 20.83 19.07 -9.36 -32.91%
Male 13.65 12.28 * 11.00 * 10.11 9.74 -3.91 -28.66%
Female 13.94 12.63 * 11.28 * 10.53 10.23 -3.71 -26.60%
Children 11.40 11.06 9.77 * 8.51 8.38 -3.02 -26.49%
Working age adults 18 to 64 14.95 1312 * 11.78 * 10.95 10.50 -4.45 -29.75%
Age 65 and older 12.73 11.86 10.59 * 10.53 10.32 -2.41 -18.94%
Native born 11.86 10.79 * 9.73 * 8.96 8.72 -3.14 -26.45%
Foreign born 26.77 2329 * 20.15 * 18.92 17.72 -9.05 -33.81%
With a disability 35.10 32.80 3142 * 29.97 27.39 -7.71 -21.96%
With no disability 13.33 11.44 = 10.14 = 9.34 9.11 -4.23 -31.69%

Notes: Statistical significance refers to the difference in the headcount with the previous year (e.g. 2016 vs 2015). It was assessed using
the Wald chi-square statistic at the 95% level. This is based on standard errors calculated using replicate weights. p.p. stands for
percentage points. The absolute change is the difference in headcount ratios for 2017 and 2013. The relative change is the difference in

headcount ratios for 2017 and 2013 over the 2013 headcount ratio.

Source: Authors' calculations based on Current Population Survey, 2018, 2017, 2016, 2015, 2014 Annual Social and Economic

Supplements.



Table II also shows results for population groups based on race/ethnicity, gender, age,
nativity, and disability. In any given year, the odds of experiencing two or more deprivations
were much higher for Hispanics, Blacks, working-age adults, immigrants, and persons with
disabilities compared to their reference groups. Persons with disabilities experienced the highest
rate of multidimensional poverty among all sub-groups, 27.4% in 2017 compared to 9.1% for
those without disabilities. While all population groups experienced a decline in
multidimensional poverty over the 2013-2017 period, reductions in multidimensional poverty
over time were uneven among different groups. Where Hispanic persons saw significant year to
year reductions in poverty from 2013 to 2017, Blacks saw significant year to year decreases in
poverty from 2013 to 2016, but a stagnation between 2016 and 2017 (15.66% and 15.35%
respectively). Similarly, non-Hispanic Whites saw reductions in multidimensional poverty in
each year from 2013 to 2016, but no significant change in poverty rates from 2016 to 2017.
Males, working-age adults, and immigrants saw consistent downward trends in multidimensional
poverty from 2013 to 2017, while results were mixed for females, those of other age groups, and
persons who were native born. In any given year, all or most groups of the 14 groups in Table 3
experienced a decline except for 2017 when the decline in multidimensional poverty was focused
on six groups: Whites, Hispanics, males, working age adults, immigrants, and persons with
disabilities. Appendices 2 and 3 show similar patterns using a higher cross-dimensional threshold
(k=3) and more relaxed within-dimension thresholds for income and employment.

Figure 2 overlays our overall trend results with reported rates of OPM, SPM,
consumption poverty, and our two additional measures of multidimensional poverty over the
same period. Trends for all measures share a similar pattern, with decreases seen from 2013 to
2016 and a flattening between 2016 and 2017.

Figure 2. Poverty rates over time for different measures
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It is important for policy to understand which dimensions contributed to the change in
multidimensional poverty. Figure 3 starts by showing trends in deprivation rates for each
indicator for the entire population. Comparing 2013 and 2017, downward trends are found over
the period for all indicators. There is a large variation though in the progress across indicators:
the smallest reduction in deprivation rates is for health status (0.8 percentage point) and the
largest for health insurance (4.4 percentage points). Health insurance is the only dimension for
which the deprivation rate declined only in the first half of the study period with a plateau since
2015.

Figure 3: Deprivation rates and confidence intervals over time for each indicator
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Table III decomposes M, across dimensions to get the relative contribution of each
dimension over time. The bottom row of Table III shows M, estimates found in Figure 1, which
is simply the average of the H, that is, the share of the population who is deprived in dimension j
among the multi-dimensionally poor. For each dimension, the first row shows H; and the second
row gives the same result in percentage terms, i.e. the percentage of deprivation in dimension j
out of all deprivations experienced by the poor. Again, health insurance is the indicator for which
the largest reduction is observed from 0.065 in 2013 to 0.039 in 2017.

Table I1I: Decomposition of multidimensional poverty adjusted headcount (MO0) across dimensions

2013 2014 2015 2016 2017

Family income (H,) 0.088 0.083 0.074 0.067 0.065
Percentage contribution 28.21% 29.82% 29.71% 29.23% 29.45%
Self-assessed health (H,) 0.055 0.049 0.046 0.045 0.043
Percentage contribution 17.45% 17.47% 18.53% 19.87% 19.59%
Educational attainment (H;) 0.080 0.075 0.067 0.062 0.060
Percentage contribution 25.56% 27.00% 27.09% 27.00% 27.14%
Employment status (H,) 0.025 0.020 0.018 0.015 0.013
Percentage contribution 7.91% 7.30% 7.06% 6.52% 6.00%
Health insurance (H;) 0.065 0.051 0.044 0.040 0.039
Percentage contribution 20.87% 18.40% 17.60% 17.37% 17.82%
M, 0.065 0.0577 0.0512 0.0475 0.0457
Percentage contribution 100% 100% 100% 100% 100%

Throughout the years, low income and limited educational attainment are the two most
common deprivations among the multi-dimensionally poor. Have the contributions of different
dimensions to multidimensional poverty changed between 2013 and 2017? There has been a
drop in the contribution of health insurance deprivation to multidimensional poverty, followed
by employment deprivation. However, from 2016 to 2017, the percentage contribution of health
insurance deprivation increased (by 0.45 percentage point) while that of employment deprivation
continued to decline (by 0.52 percentage point). Such a decomposition could be extended to
show results for each of the population groups in Table II.

5. Discussion

In the U.S., many people are not counted as poor under the official or supplemental
measures of income poverty, while they experience multidimensional poverty (Dhongde and
Haveman 2017; Glassman 2017; Mitra and Brucker 2016). Yet, there is no monitoring of
multidimensional poverty. This paper offers a way to standardize the monitoring of trends in
multidimensional poverty in the U.S..



Our results indicate that in the U.S., recent changes in multidimensional poverty point to
a decline since 2013. This result is consistent with trends seen using measures of income or
consumption poverty (Fontenot, Semega, & Kollar 2018; Meyer & Sullivan 2018). However, the
downward trend in poverty for the total U.S. population from 2013 to 2016 appears to be
flattening out across all poverty measures in 2017. From 2016 to 2017, we find that
multidimensional poverty decreased only 0.3 percentage point (from 10.3% to 10.0%). OPM
poverty decreased 0.4 percentage point (from 12.7% to 12.3%) and SPM poverty decreased 0.1
percentage point (from 14.0% to 13.9%) (Fontenot, Semega, and Kollar 2018; Fox 2018).
Consumption poverty, using 2015 as the anchor year, was at 13.0% in 2016 and 2017 (Meyer
and Sullivan, 2018). Continued monitoring needs to determine whether poverty in all its forms
has indeed plateaued.

The population as a whole experienced a decline in multidimensional poverty over the
2013-2017 period. In any given year, all or most groups experienced a decline except for 2017
when the decline in multidimensional poverty became less widely shared across population
groups. Our results examining changes in poverty from 2016 to 2017 for different racial and
ethnic groups are consistent with those found by Dalaker (2018) when examining trends in OPM.
Dalaker (2018) found no statistically significant changes in rates of poverty for blacks, Asians
and non-Hispanic whites from 2016 to 2017. In terms of age group differences, statistically
significant reductions in multidimensional poverty occurred for the working-age each year while
results were mixed for other age groups. In fact, older adults had similar rates of
multidimensional poverty from 2015 to 2017 and children had similar rates from 2016 to 2017.
Rates of SPM poverty by age group did not change from 2016 to 2017 (Fox 2018). As for
gender, while only males experienced significantly lower multidimensional poverty in 2017,
only females saw their rates of OPM poverty significantly go down during that year (Fontenot,
Semega and Kollar 2018). This points out the usefulness of using a multidimensional measure as
it can reveal different trends.

Another important benefit of using a multidimensional measure such as one based on
Alkire and Foster (2011) is its decomposability into deprivation rates dimension by dimension,
contributing a comprehensive and nuanced understanding of poverty, beyond material concerns.
Deprivations in health insurance decreased most sharply from 2013 to 2016. This could be
explained by demographic changes, as the U.S. population is aging and thus a larger share of
persons becomes eligible for Medicare with each passing year. In addition, many of the
expanded opportunities to access health insurance through the provisions of the Affordable Care
Act (ACA) took effect in 2014 (Kaiser Family Foundation 2013). Some of the provisions of the
ACA began to erode, however, in 2016 as new Congressional and executive branch leaders
reduced enrollment outreach efforts, proposed changes to Medicaid, and passed legislation
phasing out the tax penalty that incented participation in health plans (Artiga, Foutz, and Damico
2018; Kaiser Family Foundation 2018). As our data shows, from 2016 to 2017, increases were
seen in health insurance deprivation while employment deprivation continued to decline. This
suggests that, overall, people were gaining jobs but losing health insurance. Similarly, although
lack of employment is less of a concern in recent years for many Americans, low levels of family
income remain a primary concern. Employment alone is not enough to ensure that income
deprivation is avoided. The quality of jobs currently held by Americans, where many employees,
particularly those in vulnerable populations such as persons with disabilities or persons who are
black, are working in low-wage, non-benefited positions likely contributes to this finding
(Brucker & Henly 2019; Kalleberg ef al. 2011; Jones & Schmitt 2016).



6. Conclusion

In the U.S., many people do not meet official measures of income poverty, but still face
multiple deprivations in other areas. A multidimensional measure of poverty such as the one
used in this paper including income, health, education, personal activities (work), and insecurity
(health insurance) is a useful complement to current poverty monitoring in the U.S. as it clearly
captures the simultaneous experience of different types of deprivation and different areas of
policy focus. Although it is beyond the scope of this paper to offer an assessment of specific
programs or broad policies such as the War on Poverty, the measure of multidimensional poverty
that is developed here also provides an additional tool to measure their impacts.
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APPENDICES



Appendix 1. Tetrachoric correlation coefficients of deprivation indicators

Self-
Family  assessed Educational Employment Health
income health attainment  status Insurance
Family income 1
Self-assessed health 0.091 1
Educational
attainment 0.176 0.103 1
Employment status 0.086 -0.011 0.027 1
Health insurance 0.104 -0.017 0.095 0.043

Source: Authors' calculations based on Current Population Survey, Annual Social and
Economic Supplements (2018). Coefficients for other years are available from the authors



Appendix 2. Multidimensional poverty headcount (H) (%) by selected characteristics over time (2013-2017) with &=3

2013 2014 2015 2016 2017 2013-2017 Change
Absolute Relative

(p-p) (%)
All 3.26 2.76 2.30 2.05 1.86 -1.40  -42.94%
White 291 2.54 2.01 1.84 1.65 -1.26  -43.30%
White, not Hispanic 1.77 1.60 1.26 1.14 1.04 -0.73 -41.08%
Black 541 431 4.28 3.40 3.94 -1.47  -27.14%
Asian 2.32 1.35 1.33 1.13 0.87 -1.45  -62.47%
Hispanic - any race 7.51 6.36 4.90 4.40 3.94 -3.57 -47.51%
Male 3.10 2.74 2.25 1.95 1.85 -1.25  -40.36%
Female 3.41 2.78 2.35 2.13 1.87 -1.54  -45.16%
Children 1.72 1.59 1.34 1.12 1.00 -0.72 -41.79%

Working age adults 18 to

64 4.03 3.35 2.79 245 2.26 -1.77  -43.86%
Age 65 and older 2.45 2.12 1.79 1.81 1.58 -0.87  -35.59%
Native born 2.61 2.25 1.85 1.65 1.53 -1.08  -41.31%
Foreign born 7.63 6.06 5.21 4.56 3.88 -3.75 0 -49.11%
With a disability 10.49 9.26 8.81 7.90 7.20 -3.29  -31.35%
With no disability 3.51 2.84 2.28 1.99 1.85 -1.66  -47.26%

Notes as in Table II.

Source: Authors' calculations based on Current Population Survey, 2018, 2017, 2016, 2015, 2014 Annual Social and

Economic Supplements.



Appendix 3. Multidimensional poverty headcount (H) (%) by selected characteristics over time (2013-2017) with expanded within
dimension thresholds

2013 2014 2015 2016 2017 2013-2017 Change
Absolute Relative
(p-p) (%)
All 21.123 18.54 * 17.64 * 16.3 * 16.05 -5.07  -24.02%
White 19.7 17.51 * 16.36 * 15.26 * 14.86 * -4.84  -24.57%
White, not Hispanic 14.34 12.51 * 11.65 * 10.99 * 10.74 -3.60  -25.10%
Black 30.169  25.71 * 25.82 23.81 * 2341 -6.76  -22.40%
Asian 16.23 13.88 * 11.94 * 11.03 11.28 -4.95  -30.50%
Hispanic - any race 41.01 36.95 * 3425 * 30.83 * 29.62 * -11.39  -27.77%
0 0 0 0 0
Male 20.97 18.39 * 17.38 * 16.05 * 15.65 -5.32 -25.37%
Female 21.27 18.88 * 17.9 * 16.55 * 16.43 -4.84  -22.76%
0 0 0 0 0
Children 18.27 14.74 * 16.28 * 1426 * 14.13 -4.14  -22.66%
Working age adults 18 to
64 22.17 19.7 * 17.85 * 16.53 * 16.19 -5.98  -26.97%
Age 65 and older 21.24 2037 1891 * 18.45 18.28 -2.96  -13.94%
0 0 0 0 0
Native born 18.79 16.45 * 15.84 * 1453 * 14.37 -4.42  -23.52%
Foreign born 36.73 32.85 * 29.18 * 275 * 26.31 * -10.42  -28.37%
0 0 0 0 0
With a disability 49.77  46.09 * 445 * 43.29 40.18 * -9.59  -19.27%
With no disability 19.96 17.45 * 15.61 * 1426 * 14.21 -5.75  -28.81%

Notes as in Table II.
Source: Authors' calculations based on Current Population Survey, 2018, 2017, 2016, 2015, 2014 Annual Social and
Economic Supplements.



