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Abstract
In this paper, I contribute to the literature on the relationship between
temperature and the level of income. I build a panel data set with 198
countries over 36 years. In contrast to the existing literature, I use a Panel
Vectorautoregression model and identify temperature shocks with
volcanic activity. I find that, in line with theory, volcanic activity creates a
significant cooling effect. Then, I present estimated impulse response
functions and find that the level of log GDP per capita is reduced by about
three percent for more than ten years in response to a 1C increase in
temperatures. My results support the existence of a direct effect of
temperature on income.
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Submitted: June 09, 2019.
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In this paper, I add to the literature exploring the eﬀects of temperature on economic performance.1 In a cross-section, there is a strong temperature-income gradient (see Figure
1). While recently climate variables have been identiﬁed as drivers of this relationship (cf.
Horowitz, 2009, Hsiang, 2010, Dell et al., 2012, and Deryugina and Hsiang, 2014) other
variables such as institutions (cf. Acemoglu et al., 2001) or other geographical factors (cf.
Sachs et al., 2001) could aﬀect this relationship.
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Figure 1: The correlation between temperature and log GDP per capita. Cross-section for
198 countries in 2015. Red line is a log-linear regression with no controls (slope = -0.08,
signiﬁcant at 1% level).
Without a clear idea about the damage function mapping temperature change to economic consequences, researchers need to ﬁnd diﬀerent approaches to analyze this link. There
are two main streams in this literature. One stream looks at "micro"-level evidence: Niemelä
et al. (2002) and Cachon et al. (2012) use plant-level data and show that hot days reduce
production. The other "macro" stream of the literature uses country-level data. The studies
by Horowitz (2009), Hsiang (2010), Dell et al. (2009, 2012), and Deryugina and Hsiang
(2014) all ﬁnd a negative eﬀects of temperature on income. Heal and Park (2013) and Heal
et al. (2017) study the direct eﬀect of temperature on income using a panel of 134 countries
from 1950-2006. The underlying idea is derived from human physiology models where temperature stress reduces productivity. They derive a theory predicting an inverted U-shaped
response of labor productivity to temperature and ﬁnd evidence for this theory using panel
regressions.2 Finally, it should also be mentioned that there exists a literature relying on
structural, theoretical models simulating the eﬀect of climate variables on the economy. Papers include Bovari et al. (2018) and Rezai et al. (2018), documenting the adverse eﬀects of
increases in temperature and the ability of climate policy to mitigate.
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See the recent surveys by Dell et al. (2014) and Heal and Park (2016).
I also ﬁnd evidence for this inverted U-shaped pattern in my dataset (see Table 3 in the appendix).

The novelty of this note is to look at the dynamic eﬀects of temperature shocks. I use a
Panel Vector autoregressive model (PVAR, for short) to analyze the direct, causal eﬀect of
temperature on income. The beneﬁt of using a PVAR is that it combines a canonical VAR
model, where all variables are considered to be endogenous, with a panel model allowing the
use of ﬁxed eﬀects. Using ﬁxed eﬀects allows me to control for factors such as institutions
or other country-speciﬁc eﬀects which is important for this analysis.
In this paper, I build a cross-country panel data set with 198 countries spanning 36
years (1980-2015). In order to identify temperature shocks, I use volcanic activity as an
instrumental variable. In my reduced-form results I ﬁnd that volcanic eruptions, in line with
theory, have a cooling eﬀect. Most importantly, I ﬁnd that there is a causal relationship
between temperature and output: the level of output per capita is signiﬁcantly reduced for
about 15 years, with a peak eﬀect of roughly three percent for a 1◦ C increase in temperatures.
My results are generally in line with the literature documenting the relationship between
temperature and income levels (cf. Hsiang (2010), Deryugina and Hsiang (2014)). More precisely, they support the ﬁndings by Heal and Park (2013) and Heal et al. (2017) showing that
temperature shocks aﬀect output levels for about ten years and Dell et al. (2012) showing
that output levels and growth rates in poor countries are negatively aﬀected by temperature
shocks for roughly ten years. The diﬀerence to those two papers is the methodology: both
papers use a panel regression set-up while my study uses a Panel Vector autoregression.

2

Empirical Framework

2.1

Methodology

In this note, I use a Panel Vector autoregression model PVARX(p)
p

Yi,t = Ai,0 +

Ai,j Yi,t−j + Fi Xt + ui,t ,

(1)

j=1

where i = 1, . . . , N is the panel unit and t = 1, . . . T is time (in years). The vector of
observables is denoted by Yi,t with dimensionality (1 × K). Further, Ai,j is a (K × K)
parameter matrix that depends on the panel unit i. Dependent variables linearly depend on
exogenous variables, Xt , of dimension (1 × r) via the coeﬃcients in Fi . Finally, idiosyncratic
errors are given by the (1 × K) vector ui,t , where E (ui,t ) = 0 and E u′i,t ui,t = Σ.
Before estimating the model, ﬁxed eﬀects are removed by applying a Helmert transformation. Then, the model is estimated using two lags, IV-GMM with ﬁve instrument lags,
and clustered standard errors at the country level.
I use a four-variable PVARX model with log GDP per capita, trade, unemployment,
and temperature.3 The choice of variables is restricted by data availability and the related
literature. We add unemployment in order to control for the link between temperature and
labor supply (see Graﬀ Zivin and Neidell (2014)) that could aﬀect GDP. As data for hours
worked is not available, this variable is our proxy for the labor adjustment margin. Further,
3

The results are robust to including the inﬂation rate and using robust instead of clustered standard
errors. In addition, rainfall has an insigniﬁcant eﬀect (see Table 3 in the appendix).

we include trade data, because Jones and Olken (2010) show that climate shocks aﬀect
exports in poor countries.
I aim to identify the eﬀect of temperature on the level of income, controlling for the eﬀect
on trade and unemployment (the labor margin). Estimating such a relationship runs into
a fundamental problem: reverse causality (cf. Stips et al., 2016). Income (or production)
has an eﬀect on temperature as shown, for example, by Hofmann et al. (2006) and Raupach
et al. (2007). Therefore, a standard regression would result in biased results. Therefore,
I need an exogenous instrument that only drives temperature but does not aﬀect income.
Therefore, my identiﬁcation strategy is as follows. I use the incidence of volcanic activity.4
Volcanic eruptions release large amounts of sulfur dioxide (SO2 ) and carbon dioxide (CO2 )
into the stratosphere but do not aﬀect income. Even if volcanic activity would reduce
income or production, the recovery process would counteract the negative eﬀects. There
are two possible eﬀects on temperature. First, a cooling eﬀect: sulfur dioxide converts to
sulfuric acid which condenses and forms sulfate aerosol increasing reﬂection of sun radiation.
Second, a warming eﬀect: the release of green house gases which increase temperature. My
reduced-form estimation results show that volcanic eruptions have a signiﬁcant cooling eﬀect
and, therefore, the instrument does identify temperature shocks.
Finally, at the end of this section, we want to stress that our analysis does not rely on a
damage function (Nordhaus, 2008; Dell et al., 2014). In contrast to papers (e.g. Bovari et
al., 2018) who rely on damage functions to link climate variables and output, our approach
does not rely on such an ad hoc assumption. We see this as an advantage over other studies
who make strong structural assumptions about how climate variables aﬀect output. While
our approach does not directly allow us to explain how temperature aﬀects output, we do
not impose any structure on the relationship and allow for a ﬂexible approach; letting the
data speak for itself.

2.2

Data

I construct a cross-country panel data set with 198 countries over the time span from 1980
to 2015, which gives me 7128 observations.5
Data for income is taken from the World Bank. We measure income by GDP per capita
at constant 2010 U.S. Dollar. The other covariates are also taken from the World Bank:
trade is measured as percent of GDP and unemployment is the national estimate as percent
of the total labor force.
My measure of climate change is the annual average temperature, similar to Horowitz
(2009). The historical weather data are taken from the World Bank Climate Change Knowledge Portal. This data set uses gridded temperature data from various weather stations.
Finally, our instrument - volcanic activity - is taken from the EM-DAT database. For a
volcanic event to be declared as a disaster, at least one of the following criteria must be
fulﬁlled: ten or more people killed, hundred or more people aﬀected, a state of emergency is
declared, or a call for international assistance is issued. I do not have any further information
on the events. However, more knowledge about the volcanic erruption is econometrically not
4

I also used the incidence of droughts and the standard deviation of annual average rainfall as instruments.
My results are robust to both variations.
5
A list with all countries can be found in the appendix (Table 1).
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Figure 2: Estimated, identiﬁed impulse response functions to a one standard deviation shock
to temperature (0.29◦ C). Shaded areas indicate 90% conﬁdence bands.
important. For the estimation strategy to work, I need exogenous variation in temperature
over time within a country. Whether, for example, the eruption penetrated a higher or lower
layer of the atmosphere is not important for my approach. In fact, it would be preferable for
the estimation if the volcanic eruption would not create eﬀects on the global temperature,
i.e. penetrating higher levels of the atmosphere, and only create local (within a country)
temperature eﬀects, which most volcanic eruptions should do.
Descriptive statistics are presented in Table 2 in the appendix. Annual average temperatures in my sample vary between -8◦ C and 30◦ C. Volcanic activity varies between zero and
four eruptions in a given country within one year. The large variance in temperature and
volcanic activity is important for my identiﬁcation strategy.

3

Results

In this section, I present the estimated impulse response functions for income, trade, and unemployment for an identiﬁed temperature shock. Figure 2 presents the estimated, identiﬁed
impulse response functions of log GDP per capita, trade, and unemployment to a positive,
one standard deviation (which equals 0.29◦ C) shock in temperature.6 The shaded areas
indicate 90% conﬁdence bands.
Income falls in response to the shock and remains below its steady state for roughly 14
years. This shows the large persistence in the response of income. Then, the peak loss in log
GDP per capita is roughly one percent and occurs about ﬁve years after the shock. For a 1◦ C
6

The results are robust to including the real interest rate (proxy for monetary policy) and government
spending (proxy for ﬁscal policy).

increase in temperatures this would imply a drop of GDP by three percent. This number
is slightly larger compared to the ﬁnding by Horowitz (2001) with 1◦ C reducing GDP per
capita by 2.4 percent or Dell et al. (2009) with 2 percent. The ﬁndings support the results by
Heal and Park (2013) showing that the level of output, in response to a temperature shock,
falls, stays below trend for some time, but then reverses back once the shock disappears.
Also, the results are in line with the ﬁndings by Dell et al. (2012) also documenting a
reduction in the output level for about ten years but only in poor countries. Both studies
employ panel regressions with ﬁxed eﬀects to obtain their results. Our results support the
existence of a direct eﬀect of temperature on income. Heal and Park (2013) and Heal et al.
(2017) derive a model based on insights from human physiology that links temperature and
labor productivity giving rise to an inverted U-shape relationship. I do ﬁnd strong support
for this "micro" pattern in my "macro" data set (see Table 3 in the appendix).
While Dell et al. (2012) also ﬁnd signiﬁcant eﬀects on the growth rate of GDP, I do
not ﬁnd such an eﬀect in my PVAR. Running a version of the model using the growth rate
of GDP per capita rather than the level, I ﬁnd no signiﬁcant eﬀect of temperature on the
growth rate of GDP.
I ﬁnd a reduction in unemployment for about two years. To the best of my knowledge, this
is the ﬁrst paper showing the eﬀect of temperature on unemployment. Graﬀ Zivin and Neidell
(2014) ﬁnd a reduction in hours worked by 14 percent when temperatures are above 30 ◦ C on
a day. With falling output, the expectation would be to ﬁnd an increase in unemployment.
However, the eﬀect is small and probably a relict from the negative correlation between
the instrument and unemployment in my sample. Further, the response of trade is positive
on-impact but is insigniﬁcant after about two years. This is a consequence of our deﬁnition
of trade: when GDP falls, the share of trade in GDP, ceteris paribus, increases. I do not
ﬁnd a signiﬁcant response of trade volume in a robustness check.
Finally, there are various mechanisms that explain the response and the persistence in the
response of GDP (see, for example, Deryugina and Hsiang, 2014). First, there are eﬀects of
temperature shocks on agriculture and it will take time to adjust crops or farm management
to adapt or mitigate these shocks. Further, people migrate due to temperature changes and
this will have transitions costs. Also, temperature has shown to cause conﬂict, which can
negatively aﬀected output for a period of time. Finally, as stated above, labor productivity
is negatively aﬀected by temperature leaving the thermal comfort zone. Adjustments, e.g.
air conditioning, will take time to be rolled-out on a large scale, i.e. country-wide.
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Conclusion

In this note I extend the literature on the relationship between temperature and income. I
build a large panel data set with 198 countries over 36 years. Then, I use a Panel Vector
autoregression model identifying temperature shocks with volcanic activity. I ﬁnd that volcanic activity creates a signiﬁcant cooling eﬀect which is in line with theory. Then, I present
estimated impulse response functions and ﬁnd that the level of log GDP per capita is reduced
by about one percent for more than ten years. My ﬁndings are in line with the results by
Dell et al. (2012), Heal and Park (2013), and Heal et al. (2017) showing a persistent eﬀect of
temperature shocks on the level of GDP. The results support the existence of a direct eﬀect

of temperature on income. The model can be extended to include the eﬀects of disasters on
the level or the growth rate of GDP which is left to future research.
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Appendix

A fg h a n is ta n
A lb a n ia
A lg e ria
A m erica n S a m o a
A n d o rra
A n g o la
A n g u illa
A ntig u a a n d B .
A rg entin a
A rm en ia
A u stra lia
A u stria
A z erb a ija n
B aham as
B a h ra in
B a n g la d e sh
B a rb a d o s
B ela ru s
B elg iu m
B eliz e
B en in
B hu ta n
B o liv ia
B o sn ia a n d H e rz.
B o tsw a n a
B ra zil
B ru n e i
B u lg a ria
B u rk in a Fa so

B u ru n d i
C a m b o d ia
C a m ero o n
C anada
C a p e Verd e
C e ntra l A frica n R ep .
C had
C h ile
C h in a
C o lo m b ia
C o m o ro s
C ongo
C o sta R ica
C o te d ’Ivo ire
C ro a tia
Cuba
C y p ru s
C z ech R ep u b lic
D P R K o rea
D R C ongo
D en m a rk
D jib o u ti
D o m in ica
D o m in ica n R ep .
E cu a d o r
E gypt
E l S a lva d o r
E q u a to ria l G u in ea
E ritrea

E s to n ia
E th io p ia
F iji
F in la n d
Fra n ce
Fren ch G u ia n a
Fren ch P o ly n esia
Gabon
G a m b ia
G e o rg ia
G e rm a ny
Ghana
G re ece
G re n a d a
G u a tem a la
G u in e a
G u in e a -B issa u
G u ya n a
H a iti
H o n d u ra s
H ong K ong
H u n g a ry
Icela n d
In d ia
In d o n es ia
Ira n
Ira q
Irela n d
Isra e l

Ita ly
J a m a ica
Japan
J o rd a n
K a z a k h sta n
K enya
K irib a ti
K o re a
K uw a it
K y rg y z sta n
Laos
L a tv ia
L eb a n o n
L es o th o
L ib eria
L ibya
L iech ten s tein
L ithu a n ia
L u x em b o u rg
M a c ed o n ia
M a d a g a s ca r
M a law i
M a lay sia
M a ld ives
M a li
M a lta
M a u rita n ia
M a u ritiu s
M ex ico

M icro n esia
M o ld ova
M o n a co
M o n g o lia
M o ro c co
M o z a m b iq u e
M ya n m a r
N a m ib ia
N a u ru
Nepal
N e th erla n d s
N e w C a led o n ia
N e w Z ea la n d
N ica ra g u a
N ig er
N ig eria
N o rway
O m an
P a k ista n
P a la u
P a lestin e
Panam a
P a p u a N e w G u in e a
P a ra g u ay
P eru
P h ilip p in es
P o la n d
P o rtu g a l
Q a ta r

R o m a n ia
R u s sia
R wa n d a
S t. K itts a n d N ev is
S t. L u cia
S t. V in cent a n d th e G r.
Sam oa
S a n M a rin o
S a o To m e a n d P rin cip e
S a u d i A ra b ia
S e n eg a l
S e rb ia
S e y ch elles
S in g a p o re
S lova k ia
S loven ia
S o lo m o n Is la n d s
S o m a lia
S o u th A frica
S p a in
S ri L a n ka
Sudan
S u rin a m e
S w a zila n d
S w ed en
S w itze rla n d
S y ria
Ta iw a n
Ta jik ista n

Table 1: Country list.
Variable
Temperature
ln GDP
Inﬂation
Unemployment
Trade
Droughts
Rain STD
Volcano

Obs
7020
6062
6181
3089
5902
6822
6840
6822

Mean
19.34
8.26
41.86
8.85
84.03
0.08
62.57
0.02

Std. Dev.
8.21
1.51
511.84
6.08
52.78
0.28
45.72
0.19

Min
-7.93
4.75
-31.9
0
0.02
0
3.71e−15
0

Table 2: Summary statistics.

Max
29.75
11.89
26765.86
59.5
531.74
3
314.78
4

Ta n za n ia
T h a ila n d
To g o
To n g a
Trin id a d a n d To b a g o
Tu n isia
Tu rkey
Tu rk m en ista n
Tu va lu
U ganda
U k ra in e
U n ited A ra b E m ira tes
U n ited K in g d o m
USA
U ru g u ay
U zb e k ista n
Va n u a tu
Ven ezu ela
V ie t N a m
Wes tern S a h a ra
Yem en
Z a m b ia
Z im b a bw e

Variable
Temperature

1
0.05∗∗∗
(0.01)

(0.01)

(0.01)

Temperature2

−0.002∗∗∗

−0.001∗∗∗

−0.001∗∗

−0.00005

3231
0.95
High-Income

2375
0.9
Low-Income

(0.0003)

Rainfall
Obs.
2
Radj
Countries

2
0.04∗∗∗
(0.0003)

3
0.03∗∗∗
(0.0004)

4
−0.01
(0.04)

(0.0008)

0.0001
(0.0002)

6005
0.98
All

5840
0.98
All

Table 3: Regression results. Dependent variable: log GDP per capita. Robust standard
errors shown in parentheses. Regression with high-income countries uses high- and uppermiddle income countries for the low-income, we use low- and lower-middle income countries.
The regression uses year and country ﬁxed eﬀects. Constant not shown. Signiﬁcance levels:
***
: p < 0.01, ** : p < 0.05, * : p < 0.10.

